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Upcoming Community Calls

Third Week of 2025 Workgroup OKRs/Phenotype Phebruary

Fourth Week of 2025 Workgroup OKRs/Phenotype Phebruary

Vocabulary Release Update, Winter 2025

Book of OHDSI 2.0 Brainstorm and Planning Session
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Feb. 25 Community Call

Phenotype Phebruary 2025 Calendar

Monday

¢) @oHbs!

Tuesday Wednesday Thursday Friday
Week 1: Clinical Descriptions & Prior Work

Community call kick off & Office Study team’s complete Office
clinical description demos hours clinical desc(iptfon hours

3 4 5 6

Week 2: Building Concept Sets and Logic

Community call update Office "itstuc;yraf;gn;fs c?h’ggf:: Office
& Atlas demos hours Atlas hours

10 11 12 13

Week 3: CohortDiagnostics & Iterations

Community call Offinn Study tegmﬁffzpn?fe Office
update & CR0 hours w“-i;‘-era tions hours

18 1y 20

Week 4: Finalize Phenotypes & Tools for Evaluation

; Study team’s wrap up
Community call
update & evaluation Office cohorts and document
demos hours evaluation

27

www.ohdsi.org

Office
hours

Saturday
7 8
14 15
21 22
All cohorts are
done!

28

Workgroup OKRs:
Africa Chapter

CDM Survey

Clinical Trials

GIS

Health Equity

Medical Device

Natural Language Processing

Oncology

Rare Disease

Surgery and Perioperative
Medicine

Themis
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r Three Stages of The Journey

Where Have We Been?
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F OHDSI Shoutouts!

Congratulations to

on
successfully completing
his PhD journey at Taipei
Medical University.

I
O @OHDSI www.ohdsi.org #JoinThelourne '




F OHDSI Shoutouts!

Congratulations to

on
successfully earning his
Master of Science in
Analytics at Georgia Tech
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r Three Stages of The Journey

Where Are We Going?
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metastatic NSCLC, with a focus on the adoption and impact of immune checkpoint
inhibitors (ICls) across different regions.

4’ Study GitHub Repository: https://github.com/ohdsi-studies/MNSCLCStudyathon

+ If you're interested in contributing, please reach out:
& Asieh Golozar — golozar@ohdsi.org
& Kimmo Porkka — kimmo.porkka@helsinki.fi
& Eric Fey — eric.fey@hus.fi
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r Global Symposium: Oct. 7-9

The 2025 OHDSI Global
Symposium will return to the
Hyatt Regency Hotel in New

Brunswick, N.J., on Oct. 7-9,
2025.

More details will be shared
when available.
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HOHDSISocialShowcase This Week

Going global, redeeming the local: AMMO BAR
an  innovative  approach to

implement the OMOP CDM in two T T A common da t a

Monday S |
Going global, redeeming the local: e
an innovative approach to = | representative of the
; : o £ Global South
implement the OMOP CDM in two = IR

- We hope our experience will
countries of the Global South T e eeereeee sromote the valorization. of

socioeconomic information

‘Why synthetic databases?

Socioeconomic

s model to study
S infectious diseases

characteristics .

o affecting pregnancy,

What data we will use to study this
Data sources

Gestational syphills variables being mapped to
the OMOP CDM

(Valentina Martufi, Emma Kalk, Enny S. Cruz, I Intectios

vative) METHODS disease 1 1
. o . . o including employment and
Juliana Araujo Prata de Faria, Adalton do Anjos e :

.. ] income, education, etc., as
Fonseca, Mauricio L. Barreto, Maria Yury Travassos Infectious . :
disease well as be an incentive to

Ichihara, Jessica Gammon, Nicki Tiffin, Chris Fourie, | westent

Danilo Luis Cerqueira Dias, Denise Moraes Pimenta, E PRy l:heh Oi\iop .SDM FO
Tsaone Tamuhla, Andrew Boulle, Themba onteomer if;:;ioeumer?es ir?\t[;lee?}?gbg
Mutemaringa, Juan-Paul Hynek, Muzzammil Ismail, - South.

Julio Barbour Oliveira, Ricardo Felix Monteiro Neto, R — —

Julia Pescarini, Fernanda Revoredo de Sousa, ' This collaboration was P Fndoutmare about

funded by the Bill & Melinda

Marianne Costa e Silva Lage, Adam Loff, Melvin Gates Foundation & cidacs Find out more about

Contact email: CIDACS’ 100m

Moodley, Elzo Pereira Pinto Junior) ' Elrocrizisms e
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A Computable Phenotype for HSV Anterior Uveitis: Operationali

OHDSI Eyecare and Vision Workgroup - Uveitis Subgroup

Rupesh Agrawal’, Lola Solebo®, Brian Toy'
Roski Epe Institute Keck School of Medic Shiley Eye Insttute niversity of Califormia 5
rtment of Ophthalmology & Vision Science University af Califarnia Daves, Lee Kang Chi

sity of Minnesota, ‘UCLA Stein Eye Institute Da

lego, *Minneapolis VA Health Ca:

Tuesday

OHDSI

Sehool of Medicine Nanyang Technolcgical Univer

Faundation University of Cafifornia, San F

Classification Criteria employing the OMOP Common Data Model

Andrew Kim?, Edward Lee’, Lingling Huang?, Karen Armbrust®, Kiana Tavakoli®, Edmund Tsui’, Jessica Shantha®, Kareem Moussa®, William Rojas Carabali’,

HOHDSISocialShowcase This Week

zing the SUN

Gedfen School of Mesicine at UCLA, *F.1. Proctor
Singapare, "University Callege Lando

Data models can enhance observational research for rare diseases
like uveitis. This study operationalized the Standardization of Uveitis
Nomenclature (SUN) classification criteria for herpes simplex virus
(HSV) anterior uveitis into the Observational Medical Outcomes
Partnership (OMOP) Common Data Model (CDM). Using the
Observational Health Data Sciences and Informatics (OHDSI) ATLAS
tool, we constructed a computable phenotype, applied it to two
electronic health records (EHR) systems for internal validation, and to
Optum’s Clinformatics® claims database for external validation. In
EHR manual chart reviews, we identified 5,404 and 38 patients at
two sites, achieving 70% and 90% accuracy, respectively, in @
randomized validation sample. From the cloims database, 10,858
(2.7%) patients met all criteria, consistent with previous literature. e e e -
The most discriminatory inclusion criterion was a history of HSV pecime rcnp
keratitis. Our results indicate that OMOP can accurately identify HSV
anterior uveitis, suggesting potential utility for operationalizing other
uveitis subtypes in observational research.

A Computable Phenotype
for HSV Anterior Uveitis:
Operationalizing the SUN

Fig 1. Each of the SUN criteria was transformed to OMOP concept sets. Logic
statemnents were constructed. Here you can see how criteria 1A of “anterior
chamber cells” was operationalized in the OHDSI ATLAS tool

ckground

Classification Criteria for Herpes
Anterior Uveitis

plex Virus  ®

Classification Criteria

G T

e oF UvEms

SUN Warking Group: An international collaborative initiative focused on creating uniferm
terminalogy and classification for uveitis

Development of Criteria:

 Classification criteria established for 25 common uveitis entities e—eme——emms

* Methodological approach included

(Brian Toy, Edward Lee, Andrew Kim,
Edmund Tsui, Jessica Shantha,
Kareem Moussa, Karen Armbrust,

Informatics-based case collection.
Consensus technigues for case selection.
Machine learning for rule development
® HSV Anterior Uveitis Classification Criteria were developed in 2021 by the SUN

== ]
Working Group (Fig 1) ==

I==Tool— T =TT}
Implementation:

® These criteria have the potential ta be useful in the identification of patients far
observational research

Real-life application can be labor-intensive, as evidenced by a study that identified
1,143 patients with HSV Anterior Uveitis from all patients who attended the University
of Colorado Hospital Uveitis service from 2013-2020 through manual chart review
(Mudie et. al, 2022)

William Rojas Carabali, Rupesh
Agrawal, Kiana Tavakoli)

) @oHDsI
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Current unmet need for efficient application of SUN criteria in real-world data_

We praposed to create a computable phenotype using the OMOP Common Data Mode!
to streamline data integration and analysis across multiple source databases

Contact: Brian. Toy@med.usc.edu

Fig 2. The SUN criteria were mapped to standardized concepts,
comprising specific conditions, measurements, or observations.,
Descendants of these concepts, as well as suggested concepts, were
searched for using the OHDSI Athena and ATLAS tools and added to the
corresponding concept sets. SQL code was generated based on our
mapped concept sets and applied to existing databases.

#JoinThelJourney

5,04 patients with
HSv anteror
uveits

{0.2% prevalence)
8

—

38 patlents
with HSV
anteriar uveitls

Fig 3. Internal EHR Chart Review Validation

Optum Clinformatics Claims Database External Validation Cohort Overview:

® 399,914 patients initially met the entry criteria of Anterior Uveitis

« 10,858 patients (2.7%) were identified to have HSV Anterior Uveitis after incl/excl

® 55.8% female, 44.2% male.

® B6.7% of patients > 40 years old.

In a paper by Zhang et al. published in 2020

® Inclusion in the sample required index uveitis diagnosis based on ICD-9 codes
18,523 patients initially met the entry criteria

= 442 patients (2.4%) were identified to have HSV Anterior Uveitis based on ICD-9

codes

Conclusions

Significant Findings:

e Iridocyclitis and Acute and Subacute Iridocyclitis conditions were the standard
concepts that were mast prevalent to identify uveitis patients from both claims and
EHR databases (SUN HSV anterior uveitis criterion #1)

e HSV keratitis condition was the most common standard concept to identify evidence
of herpes simplex infection in the eye (SUN HSV anterior uveitis criterion #3)

® Validation of the selected cohorts from EHR data was confirmed by chart review from
2 EHR systems

® validation of selected cohorts from claims data was confirmed by comparison with
other existing literature

Limitations:

® Lack of representation af PCR results and sectoral iris atrophy highlights a need ta
improve ophthalmic data standards which support computable definitions that fully
leverage the SUN classification criteria
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// HOHDSISocialShowcase This Week

Comparative Evaluation of Methods for Defining Observation Periods: Impact on Incidence Rate e

Estimates and Suggestions for the Future e
— S ee———
v Cwlinng e Otnervation Perod tble wien wandarsining des s _— o=
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Comparative Evaluation S e
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HOHDSISocialShowcase This Week

How Often: Characterizing Heterogeneity in Drug-Outcome Incidence Rate
Estimates Attributed to Drug Indication

OHDSI Hsin Yi Chen, BS?, Christopher Knoll, BS?, Elise Ruan, MD, MPH?, Adam Black, BA3, Sarah Seager, BA®, Patrick Ryan, PhD?, George Hripcsak, MD, MS*
IDepartment of Biomedical Informatics, Columbia University Irving Medical Center, New York, NY, 2Janssen Research & Development, Titusville, NJ, *Odysseus Data Services, Cambridge, MA, *IQVIA Real World Solutions, Cambridge, MA

Background s oDt s DS i Results

- sty P [ ——

= 8 different drug classes had at least 2 indications. After

* Drug labels list potential adverse reactions, but real-
o W e n . r e world incidence is less understood e accounting for database, age, and gender differences,
= median variance components (VC) of incidence rates
i ' « Why Incidence Rates? For most drug-reaction L
. v & attributed to different drug indications ranged from

combinations, we do not know the attributable risk of

the drug for the reaction. In such cases, incidence - e 0.0005 (GLP-1 3"'3_8"”‘“53 0 0.4887 (t”T"EthﬂP_""‘]
rates provide an upper bound to the potential impact i = In contrast, median variance components attributed
of the drug and inform the clinician of the likelihood of § S e L e— prcesiarn [, S canc to age deciles ranged from 0.1815 (TNF-a inhibitors)

needing to address the reaction, be it caused by the g — to 1.52 (trimethoprim), and median YC gttrwbuled
drug or not. If the incidence rate is low enough, then - — to sex ral?ged fru'." 0.0155 (SGLT-2 inhibitors) to
the reaction may not be of concern = — = 0.1219 {trimethoprim)

= Heterogeneity in incidence rates estimates can be
influenced by factors such as age, sex, calendar time,
and differences in databases’

= An important aspect that has not been thoroughly

° s
explored is the influence of drug indication on the ‘g ncnton
incidence rate estimates of adverse events y I 2 cation variance com

= Thus, we aim to quantify the sources of variability that i . s - aftor o or datobase, " et we.

exist in incidence rate estimates in observational data,
with a specific focus on how drug indication affects
incidence rate variability

Outcomes for Drugs [EESn—"

Varianza Components dus Io Indication; Bota Blockar

Caunt

healthcare databases from various countries and
populations (e.g., US, Belgium, Italy, Australia, France)
in October 2023

ag
fer, anid databasel among all 73

Guscomes
o o « Study Design:
+ Target cohorts: first occurrence of drug exposure —
= Outcome cohorts: 73 different outcomes (defined Varianca Companenis.
in the OHDSI phenatype library?)
« Time at risk: 1 day to 365 days after cohort start Drug class Indications Medlan VT
{Intent to treat analysis) Gela Blowwers ) Essal pton ZiLaN e Fakrs Sipcle 01018 .
+ Stratifications: age and gender SGLIZ inhbrers 1) Typa 2 Diabetas Malius, 2} Left Heart Fakr 02642
i GLP-1ansgonists 1) Typs 2 Disbetss Mei s, 2) Otssiy 0001
o o o = We calculated incidence rates for each drug-outcome Cephalosparns. 1) Urinary Traet Infostion, 2) Acule Typical Preumona o.0s87
H SI n ' I c h e n C h r I Sto h e r K n o I I E I Ise pair and performed random-effects meta-analyses to Flaorocuinokrss 1) Uinary Traet ifecin, 2)Acul Tysical Preusnenis o
y) ) pool results across databases Tometnoprin 1) Urinary irsct nfecton, 2) Preumania o4ga7
I inhiiors 1) Reumatoid Arthtis 2} Ulcerative Coltis 0883

THF-aicha intibitors

3 Uceative 00332

Ruan, Adam Black, Sarah Seage o o e e | EIEEE
Patrick Ryan, George Hripcsak)

@ than 1 indication. O
measured by m
e components are ad

o s g R
(ot ani
incidence rate heterogeneity that can be attributed to ¥ For JAK o e o st for 35 and g, 35 we o <1000 patnts s 1k 1 renteosots. e e ol

drug indications these.

-umc.columbia.edu
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HOHDSISocialShowcase This Week

FinOMOP Swarm Learning: AMMO BAR

Deep learning for patient-specific B ° I d d I
v ui moaeis
eukemiabased on - blood count measurements (21 days) -

[
. oy can predict long-term prognosis in AML
& PRESENTER: Eric Fey + Powerful OMOP-based framework for
oge e r federated training of predictive models
INTRO: + General applicability: Treatment

Deep learning is powerful but data hungry! responses, survival, adverse events,

+ Data sharing hindered by privacy concerns optimal treatments, ...

[ ] [ ] +  Federated learning hindered by
heterogeneous data formats N
- 08 + Goglobal! Contact Ericif interested.
* Solution: Use OMOP and learn models at +  Estimate and include pCR & RFS.
the edge without sharing source data using +  Integrate genomic data -> see poster #9

‘Swarm learning (SL) *  Incorporate traditional diagnostic
procedures and risk classification

Deep learning for patient- g - -

BE=8- -

specific modelling of Acute G880

. Cohort: AML use case
All patients with AML diagnoses and

[ ] [ ]
at least 3 blast measurements within 21 Ve - -
e 0 I e u e m I a davs of dizgnosis 3 - i Performance based on timepoir il
. Data B - fol 5 s o
. 1o [ 10
=% o .

Endpoint: Overall patient survival
Features: Blood count measurements,
timepoints up to 21 days after diagnosis

. Model architecture v1:
pyTorch, pyCox, DeepHit

1
[m] =
E‘H
-
[m]

(Salma Rachidi, Hartmut Schultze, Vytis
Vadoklis, Perre Gustafsson, Johansson L
Markus, Kauko Tommi, Anna Hammais, e

+ Integrating OMOP & swarm learning
+ Audited by national data authority Findata

kkurai i la i, T
https://findata.fi/en/)
Kukkurainen Sampo, Niemela Sami, Tuomas | Gt s . : . . <+ oo s
Proof of concept: use case AML Local leaming Central leaning Federated leaming Swarm Leaming M::Iyi’,Os:arEv:‘u‘-J(:Z ,'rm:';::h',‘,m'

Oata
« Framework for longitudinal & missing data @ ’; & atecige *HUS Helsinki University Hospital, Finland
- {8 -

Hakala, Alexey Ryzhenkov, Valtteri e 0¢-2 o . R,
Nieminen, Tomi Makeld, Oscar Briick, —— ars ¢ 55y, el ] e
Joachim Schultze, Tarja Laitinen, Arho Virkki, e A am :;m,.
Kimmo Porkka, Eric Fey) R GEH

University of Helsinki, Finland

- Low accuracy - Aggregation + No data movement
- Disconnected - Monopolisation +No central custodian DZNE Hewlett packard
+ Shared insights
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Where Are We Going?

Any other announcements
of upcoming work, events,
deadlines, etc?
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Three Stages of The Journey

Where Have We Been?
Where Are We Now?
Where Are We Going?
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Feb. 18 Community Call

Phenotype Phebruary 2025 Calendar

Monday

Tuesday Wednesday Thursday Friday
Week 1: Clinical Descriptions & Prior Work

Community call kick off & Office Study team’s complete Office
clinical description demos hours clinical description hours

3 4 5 6

Week 2: Building Concept Sets and Logic

Community call update Office "itstuc;yraf;gn;fs c?h’ggf:: Office
& Atlas demos S hours

10, 11 12 13

Week 3: CohortDiagnostics & Iterations

Community call Office Stﬁﬁiaz;eﬁrggl;te Office
update & CD demos hours iterations hours

17 18 1y 20

‘Mlaek 4: Finalize Phenotypes & Tools for Evaluation

Stuchs tom=t= L 4o

Community call
update & evaluation ;:'"W cohorts and dpcument
demos i evaluation

) @oHDsI

www.ohdsi.org

Office
hours

21

28

Saturday

All cohorts are
done!

22

Workgroup OKRs:

Databricks
Dentistry

Eye Care and Vision Research
GenAl

HADES

Latin America
Medical Imaging
OHDSI APAC
Psychiatry
Transplant

#JoinThelJourney
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‘ The er ODI omit call is hI

every Tuesday at 11 am ET.

ited

IS 1INV

Everybody

inks are sent out weekly and available at:
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