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Background

 Cardiovascular (CV) adverse events

(AEs) in cancer patients receiving
immune checkpoint inhibitors (ICls)
are often under-detected in clinical

Results

Result 1: The NLP algorithm demonstrated high performance in detecting
CV AEs, with precision, recall, and F1 scores consistently exceeding 90%.
This underscores the reliability and accuracy of NLP in processing
unstructured clinical data for AE detection.

Result 2: Adding NLP-extracted unstructured data significantly
increased the detection of CV AEs compared to structured data alone.
This highlights the value of NLP in capturing more comprehensive
clinical insights in real-world data.
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Conclusions

Methods

* NLP enhances the detection of CV AEs in ICI-
treated cancer patients, particularly for less
common events like pericarditis (78%) and

DATA PROCESSING: STRUCTURED DATABASES:

t~ndardizino dat:
Standaraizing data

DATA DICTIONARY:

Defining variables

DATA SOURCE:

e - . . N an'ds
r'TyY ™ ] ' P -
AL U-L{n‘:\ data

e e e s <~ N
Analyzing data

) Enhanceddata granularity ,
Lm. o more insightsper patient) CLINICAL CODING ~ i myocarditis (60%).
=8 STRUCTURED DATA l (e.g., ICD) - 9 L
== - CONVERSION TO [z . - - [aoed e The combination of NLP and structured data
= =) STANDARDIZED DATA MODEL : ' ' ificati ' ' '
= = w improves AE identification, with NLP contributin
== e e et g S—— (OMOP-CDM MAPPING) DATA P . . .
Data dictionary | = = ANALYTICS 32-78% of additional cases across various
definition NLP MODEL NLP MODEL > = \ categories
= TRAINING ==) VALIDATION q O .. .- - 10 5 '
' = [ —— INTERNAL VALIDATION * High precision, recall, and F1 scores validate the
Clinician — |} RECALL & PRECISION <" *1EU GDPR : :
feedback B ——— .2 COMPLIANT accuracy of NLP, enabling more comprehensive

follow-up and monitoring in oncology care.

J ~
Um Mﬁ)rgéLARES

C ‘az groeninge @ LYNXCARE
kortrijk

Abbreviations: Adverse event (AE); cardiovascular (CV); common data model (CDM); electronic health record (EHR); immune checkpoint inhibitor (ICl); International Classification of Diseases (ICD); natural language processing (NLP); Observational Health
Data Sciences and Informatics (OHDSI); Observational Medical Outcomes Partnership (OMOP).

Contact: Clara L. Oeste | Principal RWE Researcher at LynxCare | clara.oeste@lynx.care




	Slide 1

